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Today’s widespread and increasing access to the Internet and new technologies not only offers great opportunities but also risks
for problematic use, whose psychological dynamics need to be understood in depth. This study examines how technology
addiction may differentially affect well-being (i.e., psychological, eudaimonic, and cognitive hedonic) and digital life balance
depending on people’s reported levels of online social capital. Seven hundred and eleven participants (75.70% female; Mage =
28.33 years, SD =12.30) took part in the data collection. Drawing on the Psychology of Harmony and Harmonization
framework, the study found that people with high levels of addiction and high levels of online social capital showed higher
well-being scores, as indicated by higher perceptions of life satisfaction and feelings of personal and social success, compared
to people with high addiction patterns and low levels of online social capital. In addition, the results also highlighted a better
digital life balance in the former group. Overall, the findings point to online social capital as a key factor in unraveling the
different dynamics of social media and Internet addiction, showing how it can contribute to ensuring the satisfaction of driving
social needs, maintaining better well-being even in the face of maladaptive behaviors, and ultimately challenging a monolithic
concept of new forms of addiction. Indeed, the results suggest the potential existence of distinct types or shades of
technological addiction that impact well-being differently and reflect varying levels of psychological distress, depending on
underlying social needs and behaviors.
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1. Introduction the Internet offers people the opportunity to schedule

appointments and tests online [2], and to search for health

In today’s era of hyperconnectivity [1], global access to the
Internet and social media offers vast opportunities for users.
Information and communication technologies now allow
people to access support and information and build identity
capital at any time [2]. Social media engage people in a vari-
ety of activities, including entertainment (e.g., watching TV
series and movies), social activities such as communication,
keeping in touch with relevant virtual social communities,
or maintaining offline networks [2]. The healthcare context
is another example of how change has been facilitated. Here,

information, especially for young people. Digital support,
which is especially valuable for this group, provides ano-
nymity and access, addressing barriers such as stigma or
practical challenges faced when seeking in-person interac-
tion [3]. Social media also address identity needs by allowing
the creation of a virtual social identity [2] and promoting the
exploration of personal insights, purpose, and meaning in
life, especially for young people [4].

At the same time, the pervasiveness and constant acces-
sibility of the Internet and new technologies can challenge
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people to maintain a harmonious and balanced relationship
between their online and offline lives. When this balance is
disrupted, patterns of dysfunctional use and addiction to
new technologies can emerge, arising as endpoints of differ-
ent psychological dynamics and processes. This is confirmed
by the fact that, when analyzing the myriad relationships
between addiction and other relevant psychological factors,
constellations of potential processes that activate or are asso-
ciated with addictive patterns may emerge [5].

The use of the Internet and social media among young
Italians continues to grow with nearly 85% of young people
between the ages of 11 and 19 having a profile on a social
media platform, and the percentage exceeding 97% in the
17-19 age group [6]. This trend is also reflected in the over-
all use of the internet: Italians spend an average of 5h and
49 min per day online, with 87.7% of the population being
connected [7]. Social media also play an increasing role in
purchasing decisions, with a large amount of content con-
sumption, including music videos and viral videos [7]. How-
ever, the intensive use of the internet has also led to an
increase in risks related to addiction. According to data from
Demoskopika [8], over 430,000 young people between the
ages of 18 and 23, accounting for 38% of the total, fall into
the “high addiction” category, at risk of pathological depen-
dence, followed by 390,000 individuals between the ages of
24 and 29.

These data underscore the contemporary relevance of
better understanding technology addiction, going beyond
time spent online and assessing the importance of satisfying
needs through digital platforms, to gain insight into vulner-
abilities and patterns of dysfunctional technology use.

1.1. Literature Review on Psychological Factors and
Technology Use

L.1.1. Previous Studies on Susceptibility to Dysfunctional
Technology Use: Personality and Emotional Dynamics. One
line of research on risk for maladaptive technology use has
focused on the dynamics of comorbidity between addiction
and psychopathological factors. For example, studies suggest
that the presence of psychopathological symptomatology
would seem to increase susceptibility to the dysfunctional
technology use and the development of Internet addiction,
particularly in the presence of depressive and anxiety symp-
toms [9-11]. Here, maladaptive personality traits and per-
sonality disorders, especially those related to Clusters B
and C, seem to be frequently associated with patterns of
Internet addiction [12], finding in them the activation of
peculiar coping dynamics (e.g., using the Internet to sup-
press unpleasant emotional feelings such as sadness, hope-
lessness, or guilt, and to manage psychological distress) [13].

More recently, then, another line of research has consid-
ered psychological processes related to fear of missing out
and anxious states as relevant antecedents of dysfunctional
technology use [14-18] and of unbalanced harmonization
between online and offline life [19]. Overall, evidence in this
area values the role of social media in enabling the potential
fulfillment of basic needs for relationships, autonomy, and
competence [20]. In this line, also loneliness appears to con-
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tribute to dysfunctional technology use [21], showing that
enhanced individual perception of being alone may be asso-
ciated with an increased likelihood of Internet addiction [21,
22], excessive Internet use [23], problematic online gaming
[24], and a general imbalance within real and digital life [19].

1.1.2. Recent Research on Technology Use and Online Social
Capital. Recent evidence highlights the role that societal-
level factors, such as Internet social capital (i.e., the extent
and strength of social ties people have online), play in shap-
ing the balance between online and offline life and influenc-
ing dysfunctional technology use [2, 25], yielding mixed
results. On the one hand, some authors have found robust
positive relationships between social capital and Internet
use. According to these findings, the Internet would contrib-
ute to the creation, transformation, maintenance, and inte-
gration of social capital, especially thanks to the wide
opportunities for connection, communication, and interac-
tion offered by the increasing diffusion of new technologies
[26, 27]. In particular, social media platforms provide
opportunities for maintaining and strengthening existing
relationships, contributing to a sense of social support and
enhancing life satisfaction [28]. Therefore, the use of the
Internet can enhance relational and psychological well-
being, fostering social connections and reducing feelings of
isolation under certain conditions [29], and is associated
with lower levels of loneliness [30]. In addition, with increas-
ing digitization, the use of artificial intelligence has also been
shown to indirectly improve well-being at work by satisfying
psychological needs such as autonomy, competence, and
relatedness [31]. Similarly, recent studies on social media
have highlighted how their use can positively impact psy-
chological well-being [32], through positive interactions that
can help to reduce loneliness and isolation.

However, when individuals rely excessively on online
interactions to fulfill unmet social and emotional needs,
their reliance on digital environments may foster an imbal-
anced relationship with technology. For example, if the need
for mattering (i.e., the subjective sense of importance to
others) [33] is primarily satisfied online, people may become
more vulnerable to social media addiction. This compensa-
tory behavior suggests that, under certain conditions, digital
environments may become the primary means of satisfying
social and emotional needs, increasing the risk of maladap-
tive technology use [25]. Furthermore, recent studies pro-
vided evidence that fear of missing out and psychological
distress may mediate the relationship between life satisfac-
tion, problematic social media use, and problematic smart-
phone use, further suggesting that emotional vulnerability,
such as fear of social exclusion, and social needs may drive
problematic technology use [34]. Moreover, excessive Inter-
net use has also been associated with increased loneliness
and depression, particularly when online activities replace
essential real-world behaviors, such as physical activity,
sleep, and face-to-face interactions [29]. For instance, the
phenomenon of “temporal displacement” suggests that sig-
nificant time spent online could substitute meaningful
social or physical activities, negatively impacting overall
well-being [29].
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1.1.3. The Digital Life Balance (DLB) Model for Harmonic
and Nonharmonic Technology Use. In trying to understand
and interpret all these possible and complex interplay of
technology use antecedents, another line of literature, draw-
ing on the Psychology of Harmony and Harmonization
framework [35-37], has recently hypothesized that families
of needs that are frustrated in real life and which find satis-
faction online may be at the root of the dysfunctional use of
new technologies. Here, the concept of DLB has been pro-
posed to capture individuals’ harmonic (i.e., balanced) and
disharmonic (i.e., unbalanced) use of ICTs as a new tool
for understanding the impact of Internet use on well-being
[19]. Indeed, previous research has tended to highlight sev-
eral needs that may drive people toward increased use of
social media and technology as a compensatory strategy. In
general, the needs that have emerged can be grouped into
control and sociality-related needs, including, for example,
the need to maintain relationships [38], social approval,
attention-seeking, and the desire to be liked and admired
[38-40]. In this vein, recent findings suggest that satisfying
a need for mattering primarily through online interactions
may be linked to vulnerability to disconnect online and off-
line life, complicating their DLB [25]. At the same time,
other driving dynamics and needs seem to be the necessity
to find excessive reassurance through mobile phone use
[38], while also elevating self-esteem and alleviating feelings
of uncertainty and worry through online interactions [28],
but also to regulate negative emotions or escape emotional
pain, expecting that online interactions may help reduce ten-
sion and alleviate distress [28].

1.1.4. Unraveling the Gaps in the Complexity of Technological
Addiction: The Key Role of Sociality. An overview of previous
studies reveals the complexity of the antecedents that may
lead to addiction and identifies gaps in the current psycho-
logical literature on the topic. First, research often tends to
view technology addiction as a unique and homogeneous
concept. However, given the diverse motivational processes
that may drive such conditions, it is also reasonable to expect
the existence of distinct types of addiction or varying degrees
of it. Evidence suggests that a key to unraveling the phenom-
enon and better differentiating between addictions may lie in
the specific behaviors that underlie them. Among these, soci-
ality oriented behaviors and related psychological needs
emerge as potentially critical factors for operating the dis-
tinction. Indeed, in line with the needs described above,
the literature highlights a socially oriented type of addiction,
where the object of addiction (e.g., Internet, social media,
and smartphones) serves a social function. Examples of
behaviors performed here are directed at satisfying social
needs such as facilitating friendships, compensating for a
lack of socialization, protecting relationships [41], enabling
networking and the sharing of personal views [42], and pro-
viding more accessible communication [43].

On the other hand, the literature also reports more indi-
vidually focused forms of addiction. This is the case, for
instance, with the use of new technologies for social with-
drawal behaviors, known in the Hikikomori phenomenon
[44, 45] or for passive content fruition [46], driven by moti-

vations like procrastination, emotional regulation, and
avoidance, contributing to social withdrawal [43]. Although
a dichotomy has been proposed between active social media
use (ie., socializing, texting, and posting comments) and
passive use (i.e., scrolling or browsing the content without
engaging in social interactions) [47], the association with
well-being remains debated [48]. In this vein, indeed,
another research issue is the shortage of comprehensive
models that can clearly distinguish different orientations of
technological addiction. This may raise questions about the
differential impact on the well-being of addictions based
on social components versus those based on individualistic
characteristics. Moreover, while much research has focused
on the amount of time spent using technologies, a more
nuanced and extensive assessment that considers the under-
lying needs driving these behaviors is often lacking. In this
light, the online social capital becomes particularly relevant,
as it represents an essential social aspect implied in interper-
sonal relationships and social participation. Amidst the con-
trasting evidence in the literature, studies highlight its
protective potential in promoting supportive behaviors in
the society, favoring positive coping with situations [49].
Thus, given its positive role, online social capital may be cru-
cial in shaping the relationship between technology addic-
tion and well-being. Indeed, it might be expected that the
impact of addiction on well-being would be different for
people with high and low levels of online social capital.
Overall, then, online social capital may help to deepen the
complexity of addiction and its associated distress, while also
contributing to a better understanding of the social and psy-
chological needs and behaviors that technology may help to
satisfy.

These considerations of current research questions lead
to the aim of the present work, which is to examine how
high levels of technology addiction may differentially affect
well-being and DLB as a function of reported levels of online
social capital. Different conceptualizations of well-being (i.e.,
psychological, eudaimonic, and cognitive hedonic) were
used to test the impact of online social capital on the well-
being of people with high levels of addiction.

1.2. Hypothesis Development. The literature highlights a
well-established effect of social capital on well-being [50]
and also considers how the Internet can nowadays affect
social capital itself [51]. Given the wide range of opportuni-
ties provided by the Internet, such as facilitating communi-
cation and relationship building [52] and the fact that
people with high technology addiction tend to spend a sig-
nificant amount of time online, it is possible that they
develop online social capital. According to the uses and grat-
ifications theory [53], online social capital can be seen as a
response to individuals’ sociopsychological needs, offering
platforms to interact, maintain relationships, and receive
social support. This also aligns with the belongingness the-
ory [54], which emphasizes the human need for belonging
and relatedness as a central driver of behavior.
Furthermore, in line with the theory of social support
[55-57], online social capital can be conceptualized as an
extension of traditional social networks, capable of offering
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emotional, informational, and relational support [58, 59]. As
it satisfies essential needs such as belonging and emotional
comfort, this kind of support is fundamental for promoting
well-being. However, a significant gap in the literature is
the tendency to conceptualize technology addiction as a
homogeneous phenomenon, often overlooking its varying
degrees and different orientations. Indeed, much of the exist-
ing research prioritizes quantifying addictive behaviors (e.g.,
time spent online) rather than adopting a more nuanced,
psychological needs-based perspective. We propose that
technology addiction should not be viewed as a uniform
condition but rather as a multidimensional phenomenon
influenced by underlying specific psychological needs,
hypothesizing in particular a key role for online social capi-
tal. To address gaps in the literature, our hypotheses first
build on classical theories, assuming as reasonable the
potential distinction of two group configurations: people
with high addiction who have online social capital and peo-
ple with high addiction who do not.

Based on this literature, we developed our hypotheses:

H1: People with high levels of technology addiction and
high online social capital report significantly higher well-
being scores than those with high technology addiction
and low online social capital.

Moreover, given that the current era is characterized by
widespread hyperconnectivity and technological pervasive-
ness [60], the construct of DLB [19] has been proposed
within the psychology of harmony and harmonization
[35-37] as a new lens for analyzing contemporary well-
being. Here, different levels of balance between online and
offline life seem to stem from the frustration of various needs
(e.g., sociality, and control) that can then be satisfied online.
Thus, people who develop online social capital may be able
to satisfy their need for relationships, while people who use
the Internet and new technologies just as passive users may
not be able to compensate for these needs, and thus report
different patterns of online/offline life balance.

The theory of social support highlights how online
networks can serve as a compensatory mechanism to meet
basic needs that go unmet offline [58, 61]. This perspective
is consistent with the theory of compensatory Internet use,
which posits that people use technology to address, satisfy,
or compensate for needs that are systematically frustrated
in real life [62]. As a result, problematic behaviors would
not be directly caused by high Internet use per se, but
rather by underlying motivations rooted in psychosocial
problems or unmet needs as originally conceptualized in
classical needs theory [63, 64]. These needs, unmet in real
life, would find alleviation and compensation through dig-
ital engagement [62].

In this context, people who actively develop and cultivate
meaningful online social capital can leverage this support to
foster a harmonious balance between digital and traditional
spheres [2], thereby satisfying their underlying needs.
Conversely, passive users who fail to secure social support
online or offline may experience a more compromised
DLB. However, there is currently a shortage of literature that
conceptualizes well-being as the maintenance of balanced
and harmonious relationships across different domains of
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life, through well-adjusted need satisfaction. This gap is par-
ticularly evident in the context of technology addiction,
where psychological needs are often left aside in favor of
other factors. To address this gap and deepen the under-
standing of the multidimensional nature of technology
addiction, we propose that online social capital may also
play a key role in the balance between online and offline life
as a broader and more nuanced indicator of aspects of well-
being.

Based on the above, we, therefore, developed another
hypothesis:

H2: People with high addiction and high social capital
have significantly higher DLB scores than those with high
addiction and low social capital.

2. Methods

2.1. Research Design. The research is cross-sectional in
design, as it collects and analyses data in a single time point,
and was chosen to obtain a snapshot of the relationship
between technology addiction measures and well-being in
an Italian sample. This is convenient in terms of time and
resources, even if it excludes the possibility of identifying
causal relationships between the variables of interest.

2.2. Participants and Procedure. Before recruiting partici-
pants, we conducted a power analysis to determine the nec-
essary sample size for our study’s objectives. In our design,
two ANOVA analyses were planned: one involving four
clusters and another with only two clusters. For the first
ANOVA, a sample of 180 participants would ensure a statis-
tical power of 0.80 to detect medium effects (f* = 0.25) with
a significance level of 0.05. For the second ANOVA, the
same power and effect size could be achieved with 128 par-
ticipants. Given that we included 245 participants in the first
analysis and 132 in the second, the sample sizes can be con-
sidered adequate for the purposes of this study.

This study was conducted with a total sample size of 711
participants and used a nonrandom, snowball sampling
technique. Data collection was carried out using Google
modules, through which we easily created an online ques-
tionnaire that we distributed via email, and through various
online platforms and social networks, including Instagram,
Facebook, WhatsApp, and Telegram. Participants were
recruited on the basis of a voluntary census through dedi-
cated online messages, with inclusion criteria of a minimum
age of 14 and proficiency in Italian. Each participant was
informed of their right to withdraw from the study at any
time. To ensure confidentiality, all data collected were
completely anonymous, in accordance with Italian privacy
legislation (Legislative Decree DL-101/2018) and the EU
General Data Protection Regulation (2016/679). The ques-
tionnaire took approximately 20 min to complete.

The sample was predominantly composed of cisgender
females (75.70%) with an age range from 15 to 80
(average age = 28.33; SD =12.30).

2.3. Measures. To achieve the research objectives, an online
questionnaire was created and administered with the help
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of Google Forms. Basic sociodemographic information (i.e.,
age and gender) was primarily requested, then the following
measures were used, all of which had their validated Italian
versions:

Satisfaction With Life (SWL) Scale [65]. We used the
validated Italian version of this scale [66] to measure peo-
ple’s sense of satisfaction with their lives, which is a very
important factor in determining their subjective well-being.
It is a one-dimensional scale that involves five items
(e.g,“I am satisfied with my life”, “The conditions of my
life are excellent”) that are rated using a 7-point Likert
scale (1 =strongly disagree; 7 =strongly agree).

The SWL has exhibited excellent reliability with a Cron-
bach’s alpha coeflicient of 0.87 [65]. Di Fabio and Busoni
[66] reported on the psychometric properties and validity
of the Italian version, revealing Cronbach’s alpha coefficient
of 0.85 for the SWL score. The scoring range varies between
a minimum of 5 and a maximum of 35, where high scores
correspond to greater life satisfaction.

Flourishing Scale [67]. This scale was employed to eval-
uate self-perceived success across key domains such as rela-
tionships, self-esteem, purpose, and optimism [67]. It has
been validated in Italian by Di Fabio [68]. It is a one-
dimensional scale that includes eight items (e.g., “I lead a full
and meaningful life,” “People respect me”) that are rated
using a 7-point Likert scale (1 = strongly disagree; 7 = strongly
agree). The Flourishing Scale has demonstrated optimal reli-
ability with a Cronbach’s alpha coefficient of 0.87 [67]. The
psychometric properties and validity of the Italian version
reveal Cronbach’s alpha coeflicient of 0.90 for the SWL score
[68]. The scoring range varies between a minimum of 8 and
a maximum of 56, where high scores correspond to greater
well-being.

Warwick-Edinburgh Mental Well-Being Scale (WEMWBS)
[69]. This scale consisted of 14 items and was developed to
enable the monitoring of mental well-being in the general
population. In this study, the 12-item Italian version was
used [70]. Items (e.g., “I've been dealing with problems
well,” “I've been feeling interested in other people”) are
rated using a 5-point Likert scale (1=none of the time;
5=all of the time). The internal consistency coefficient for
the scale is « = 0.87 [70]. The scoring range varies between
a minimum of 12 and a maximum of 60, where higher
scores indicate greater positive mental well-being.

DLB Scale [19] was composed of 4 items using a 7-point
Likert scale, from strongly disagree (1) to strongly agree (7).
Examples of items are as follows: “I currently have a good
balance between the time I spend online and the time I have
available for offline activities,” and “Overall, I believe that
my online and offline life are balanced.” The reliability of
the DLB scale was measured using McDonald’s Omega
and was found to be excellent (w=0.89). Possible scores
on the scale range from a minimum of 4 to a maximum of
28, and the higher the score, the better the balance between
online and offline life.

Social Media Capital (SMC) Scale [71]. This scale evalu-
ates online social capital and people’s confidence in their
ability to use social media to stay connected with others. It
consists of 7 items (e.g., “I feel confident in using social

media,” and “Since getting on social media, I have become
more connected to people like me”) that are rated on a 5-
point Likert scale (1=strongly disagree; 5= strongly agree).
The scale presents two factors: SMC_Efficacy (F1) and
SMC_Social (F2). The reliability of the SMC scale was mea-
sured using McDonald’s Omega: w = 0.81 (F1) andw = 0.86
(F2) [71]. The scoring range varies between a minimum of 7
and a maximum of 35, where higher scores indicate greater
online social capital and greater confidence in the ability to
use social media to stay connected with others.

Bergen Social Media Addiction Scale (BSMAS) [72].
This scale, translated and validated in Italian by Monacis
and colleagues [73], is useful for measuring a person’s degree
of dependence on social networks. It is made up of six items
(e.g., “I don’t get tired of playing video games,” and “I lose
track of time when I play”) that are rated using a 5-point
Likert scale (1=strongly disagree; 5=strongly agree). The
internal consistency coefficients for the scale are a=0.88
[73] and a=0.86 [74]. The scoring range varies between a
minimum of 6 and a maximum of 30, where high scores cor-
respond to greater addiction.

A table briefly summarizing the measurement tools used
is provided in Appendix 1.

2.4. Data Analysis. From the initial pool of 711 participants
recruited for this study, a subset of 159 participants was
extracted to focus on those aligning with the specific cases
relevant to our hypotheses. This selection was based on the
participants’ scores in two primary measures, namely
BSMAS and SMC Scale. We employed a quartile-based clus-
tering approach to segment this subset into four distinct
clusters, ensuring clear differentiation between participants
based on their levels of technology addiction and online
social capital. This method was chosen for its interpretability
and methodological robustness in distinguishing high and
low levels of the studied variables while minimizing ambigu-
ity in classification. Unlike alternative clustering methods
(e.g., k-means or hierarchical clustering), quartile-based seg-
mentation does not require arbitrary parameter selection,
making it particularly suitable for studies where predefined
distribution-based thresholds offer clear group delineation.
By excluding participants with midrange scores (between
the first and third quartiles), we ensured that our analysis
focused on well-defined profiles with distinct characteristics,
allowing for a clearer examination of differential effects.

As a result, we identified four distinct clusters reflecting
combinations of technology addiction and online social
capital:

1. Tech-balanced networkers: participants reporting low
technology addiction and high online social capital
(n=27);

2. Tech-balanced loners: participants showing low tech-
nology addiction and low online social capital (n = 86);

3. Tech-addicted networkers: participants reporting
high technology addiction and high online social cap-
ital (n = 89);
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TABLE 1: Descriptive statistics of the study variables.
Variable Min-max Mean (s.d.) Skew. Kurt.
SWL 5-34 21.55 (6.07) ~0.32 ~0.57
Flourishing 15-56 40.99 (7.06) -0.48 -0.05
WEMWBS 14-59 40.53 (6.23) -0.31 0.55
SMC-social 3-15 8.99 (2.74) -0.14 -0.36
BSMAS 6-30 12.71 (4.49) 0.63 0.16
DLB 4-28 17.79 (5.15) ~0.16 ~0.24

Abbreviations: Kurt., kurtosis; s.d., standard deviation; Skew., skewness; SWL, satisfaction with life.

4. Tech-addicted loners: participants showing high tech-
nology addiction and low online social capital (n = 43).

This clustering approach enables us to directly examine
groups with contrasting profiles in order to further investi-
gate the impact of these combinations of variables (i.e.,
BSMAS and SMC scores) on the participants’ well-being.

To avoid data bias, we assessed the data both qualita-
tively through visual inspection and quantitatively using
functions designed to detect potential patterns (e.g., straight
lines or zig-zag fills). As a result, no responses were identi-
fied as suspicious based on these criteria.

3. Results

Firstly, we calculated the descriptive statistics. For the col-
lected variables, we provided measures of central tendency
and variability, as well as information on the skewness and
kurtosis of their distributions. This was done to verify the
adherence to the statistical assumptions required for the
tests we intend to use (Table 1).

As indicated in Table 1, none of the variables exhibit
nonnormal distributions. Therefore, we proceeded with the
planned parametric analyses.

Initially, we considered all four identified clusters by
extracting a total of 159 participants respecting the attribu-
tion to the cases subject to the hypothesis and dividing them
based on the quartile distribution. We compared the means
of the four clusters concerning the well-being and DLB
scales using ANOVA.

As shown in Table 2, there is a statistically significant
difference between the means for both the three measures
related to well-being conceptualizations and DLB. This indi-
cates a clear distinction between clusters with individuals
exhibiting high levels of technological addiction and those
with low levels. In terms of effect size, using the common
interpretation rules for eta-squared, which identify 0.01,
0.06, and 0.14 as indicating small, medium, and large effects,
respectively, we observed that the difference between clusters
in terms of DLB is very large. The difference related to psy-
chological well-being (i.e., WEMWBS) and eudaimonic well-
being (i.e., Flourishing) falls between medium and large,
while the difference related to cognitive hedonic well-being
(i.e., SWL) is medium.

Subsequently, we analyzed the differences between clus-
ters containing individuals with high levels of social media

addiction, who differ in terms of experienced online social
capital (Table 3).

In this case, we also observe a statistically significant dif-
ference for the same measures investigated previously,
although the effect sizes are more moderate, generally
around medium values. Specifically, individuals with social
media addiction who possess high levels of online social cap-
ital appear to have better well-being and a higher DLB com-
pared to those with social media addiction who lack online
social capital.

Finally, to enhance the clarity of our results, we also pro-
vide the complete ANOVA post hoc pairwise comparison
analysis (LSD) in Appendix 2, covering all cases examined
in the study.

Overall, a statistical difference in well-being measures
constantly emerged when comparing tech-addicted networ-
kers and tech-addicted loners.

Conversely, no differences in well-being measures were
consistently observed when comparing people with low
addiction scores (i.e., tech-balanced networkers and tech-
balanced loners) based on their high or low levels of online
social capital. However, when comparing individuals with
low scores of addiction (i.e., tech-balanced networkers and
tech-balanced loners) to those with higher addiction scores
(i.e., tech-addicted networkers and tech-addicted loners),
significant differences in well-being measures were fre-
quently identified. Specifically, people with lower addiction
scores tended to report higher levels of well-being than those
reporting higher addiction patterns.

In summary, a higher level of online social capital gener-
ally appeared to serve as a protective factor for well-being.

4. Discussion and Conclusions

In today’s hyperconnected world, the Internet represents an
essential tool [1, 75, 76] that is becoming increasingly
important in people’s daily lives [2, 76, 77]. Daily access to
several services, in the fields of business, healthcare, and
entertainment, requires the use of the Internet and new tech-
nologies, which have witnessed a widespread diffusion also
driven by the recent COVID-19 pandemic [78]. Their perva-
siveness has indeed fostered progress and provided benefits
such as access to information and wider social contacts
[77], as well as the potential development of online social
capital. However, in light of this large phenomenon, it is
important to recognize that while the use of the Internet
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TABLE 2: Anova analysis among the four clusters.

Variable Tech-balanced networkers Tech-balanced loners Tech-addicted networkers Tech-addicted loners I >
mean (s.d.) mean (s.d.) mean (s.d.) mean (s.d.) (3223 M

SWL 22.67 (5.39) 22.58 (6.39) 20.92 (5.43) 18.83 (5.05) 4.64"*  0.06

Flourishing 42.44 (6.52) 42.77 (6.26) 40.00 (6.70) 36.60 (6.63) 9.36"**  0.11

WEMWBS 40.78 (7.28) 42.37 (5.35) 39.83 (5.29) 37.21 (4.15) 8.96"** 0.10

DLB 20.26 (5.23) 21.70 (4.58) 14.88 (4.82) 12.02 (4.33) 53.16""" 0.41

Note: N tech-balanced networkers = 27; tech-balanced loners = 86; tech-addicted networkers = 89; tech-addicted loners =43; F =Fisher’s index; 7> =eta-

squared measure.
Abbreviation: s.d., standard deviation.

**p<0.01.
***p <0.001.
TABLE 3: Anova analysis among the two clusters of main interest.

Variable Tech-addicted networkers mean (s.d.) Tech-addicted loners mean (s.d.) F1104) n*
SWL 20.92 (5.43) 18.83 (5.05) 4.31" 0.04
Flourishing 40.00 (6.70) 36.60 (6.63) 7.29%* 0.06
WEMWBS 39.83 (5.29) 37.21 (4.15) 7.87*" 0.06
DLB 14.88 (4.82) 12.02 (4.33) 10.52** 0.08

Note: N tech-addicted networkers = 89; N tech-addicted loners = 43; F = Fisher’s index; #? = eta-squared measure.

Abbreviation: s.d., standard deviation.
*p <0.05.
**p<0.01.

and new technologies is a valuable resource, their potential
dysfunctional use can also pose significant challenges to
mental health and social functioning, negatively affecting
people’s psychological well-being [79-81], and harming
their balance between online and offline life, as theorized
by the DLB construct [19]. The concept of online social cap-
ital can provide a key framework for understanding these
issues.

Currently, different types of addictions are distinguished
based on the device that is central to the addiction itself [82,
83], and social media uses have been initially conceptualized
as being active (i.e., aimed at socializing) or passive (i.e., just
scrolling or browsing) [47], although this dichotomy is
under debate [84]. However, current studies do not unravel
the existence of different configurations of technological
addictions, taking into account the centrality of peoples’
online social networks and resources and their perception
of a balanced state in which they feel good. Therefore, our
study is aimed at investigating how technological addictions
can be distinguished in terms of their footprint on people’s
well-being based on online social capital.

Consistent with our first hypothesis (H1), this study
highlighted that people with a high level of addiction and
high social capital reported higher well-being scores as com-
pared to those with high addiction and low social capital.
Indeed, the results underline a tendency for people with high
addiction and high social capital to perceive themselves as
more satisfied with their lives, as indicated by higher scores
on the SWL Scale, and more successful in key areas such

as relationships and self-esteem, as evidenced by higher
scores on the Flourishing Scale, as well as higher scores
on the WEMWBS, than people with high addiction and
low social capital. By incorporating these different instru-
ments, the findings show that online social capital in addic-
tive patterns can affect well-being in a complex, transversal,
and multidimensional way. Thus, the results suggest that
online social capital cannot only support general well-
being but also positively impact more specific aspects, such
as eudaimonic and cognitive hedonic aspects, interpersonal
relationships, quality of life, feelings of personal and social
success, and self-esteem, thereby strengthening people
against the negative effects of technological addiction. This
multidimensional approach adds robustness and meaning
to the observed data, providing a more comprehensive
and nuanced view of the role of social capital in promoting
well-being.

The results of this study also confirm our second
hypothesis (H2), as when comparing people with high levels
of addiction, those with high social capital showed higher
scores on the DLB scale [19] than those with low social
capital.

Overall, these results point to social capital as an element
that makes a difference to the well-being of people with dys-
functional technology use and an imbalance between online
and offline life. Indeed, the differences in well-being and
DLB showed medium to large effect sizes, emphasizing the
significant role of online social resources in shaping well-
being and digital life harmony among people with addictive
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patterns. This suggests that well-being in maladaptive
behaviors is not solely determined by addiction scores but
is also strongly influenced by online social capital. From a
practical perspective, this highlights the potential effective-
ness of interventions aimed at enhancing social support.
However, the effect sizes do not completely rule out the
potential influence of other variables (e.g., personality traits,
relationship quality, coping strategies, co-occurring mental
health issues) in shaping well-being, suggesting a more com-
plex framework that warrants further exploration.

This finding integrates with the Psychology of Harmony
and Harmonization framework, further suggesting that clus-
ters of needs that are frustrated in real life and which find
satisfaction online may be at the root of the dysfunctional
use of new technologies [35-37]. This is also in line with
the literature that has already found an effect of social cap-
ital on well-being [50]. Indeed, people who develop online
social capital seem to be able to satisty their need for rela-
tionships and sociality, and as a result, despite having high
levels of addiction, they are better off in terms of well-
being and online-offline life balance than those who do
not compensate for this need, using the Internet and new
technologies passively and without entering into a network
of social ties.

These dynamics of actual or absent need for compensa-
tion can also be explained by the theory of compensatory
Internet use [62], which suggests that technology can be
used as a coping strategy to deal with problematic situations
and experienced negative emotions. For example, it has been
shown that people may be motivated to socialize online in
the absence of offline social connections and that people
with high levels of social anxiety may compensate for their
feelings of loneliness by socializing in online games or social
networks, feeling safer thanks to the anonymity effect [85].
Thus, according to this theory, it is not so much the high
level of Internet use that leads to problematic behavior, but
rather the underlying motivations, which stem from psycho-
social problems and unmet needs in real life that are allevi-
ated or compensated for by the use of new technologies
[62]. In this line, the results of the present study suggest a
better well-being state resulting from actively participating
in online social relationships and enjoying online social
resources (i.e., receiving benefits from online social capital),
thus finding satisfaction for underlying social motivations,
despite reporting high levels of addiction. These results
imply that compensating for these needs online leads to
greater life satisfaction, feelings of social and personal suc-
cess, and a better online-offline balance, while helping to
counteract the more detrimental effects of addiction on
well-being, which in turn are more likely to be experienced
by people with high levels of addiction and lack of solid
online social capital to satisfy these social drivers.

These findings also deepen the outcomes of previous
studies framed by motivational theories, which have been
adapted and updated to explain social media addiction
[86]. In particular, social gratifications and sociopsychologi-
cal needs are shown to be among the crucial motivations
that can predict addictive patterns of social media use (e.g.,
[87, 88]). This is the case, for example, with the uses and
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gratifications theory [53], according to which the role of
social gratifications is emphasized as new technologies and
platforms provide opportunities to interact and maintain
social networks, communicate, and receive online social sup-
port. At the same time, our results are also in line with the
belongingness theory [54] and the self-determination theory
[89], for which the need for belonging and relatedness is one
of the basic psychological needs that people have to fulfill
and therefore central to driving their behavior, even in the
context of maladaptive technology use. In this sense, in our
study, high levels of online social capital are indicative of
these motivational processes for sociality, showing how
actual and potential resources, social ties, and support in
and from one’s online relational networks can satisfy rela-
tional needs but, most importantly, ensure the maintenance
of better well-being and life balance, even in a maladaptive
framework.

In conclusion, our results contribute to broadening the
existing literature by addressing key research gaps. In the
current context of global hyperconnectivity and technology
pervasiveness, our study provides valuable insights into
how technology addiction, combined with online social cap-
ital, can differentially affect well-being and the balance
between digital and offline life. In particular, people with
high levels of addiction who have robust online social net-
works tend to experience greater well-being and a more har-
monious balance between online and offline activities than
equally addicted people with limited online social capital.
While current studies often treat technology addiction as a
unique and homogeneous concept, these results contribute
to a deeper understanding of the complexity of technology
addiction patterns, highlighting that not all forms of addic-
tion have the same impact on mental health and social func-
tioning. These findings also suggest that addictions cannot
be conceptualized as monolithic entities based solely on
the different objects of addiction, but rather as complex
and multidimensional phenomena in which the interplay
of different processes can result in different footprints on
people’s well-being. In this sense, the findings also contrib-
ute to the shortage of comprehensive literature that distin-
guishes different orientations of technological addiction by
examining the specific relevance of sociality-oriented needs
and behaviors. To help fill this gap, the findings provide evi-
dence for the impact of online social capital on the relation-
ship between addiction and well-being, highlighting its
protective role in maintaining better well-being despite
engaging in maladaptive behaviors. These results are
insightful into the existing research gap, as much of the
addiction literature has focused primarily on time spent
using technologies. In fact, the findings underscore the
necessity to pay attention to the underlying psychological
needs that drive these behaviors and encourage a more
need-focused perspective by showing that the resulting out-
comes can be significant.

Nevertheless, further research is needed to explore
other factors, such as cultural context and individual dif-
ferences, in order to deepen the literature and also to
improve intervention strategies for managing technology-
related addictions.
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5. Implications of the Results

The present findings open up to theoretical and practical
perspectives.

5.1. Academic and Research Implications. First, the findings
point to the importance of recognizing that social media
and technology addictions are not unique, rigid, and unidi-
mensional entities, thus also highlighting the practical need
for personalized assessments and tailored intervention strat-
egies. Here, the findings suggest that online social capital is a
key factor in understanding the different dynamics of social
media and Internet addiction, showing how it can help meet
social needs and support well-being even in the presence of
maladaptive behaviors. Although this issue is still being
debated [84], this implies that sociality may play a pivotal
role in differentiating types of addiction, ultimately affecting
well-being in various ways based on the presence of more
social or individualistic elements in the addictive patterns.
Thus, from a purely theoretical point of view, these results
contribute to the conceptualization of addictions as com-
plex, multidimensional, and multifaceted psychological phe-
nomena, given the interplay of various processes that may
contribute to impact well-being.

5.2. Practical Implications. From a more applied perspective,
the implications of the findings may pave the way for per-
sonalized approaches, indicating the opportunity for them
to focus on online social capital to address dysfunctional
patterns in two main ways. When online social capital is
high, it should be valued to help balance online and offline
life, which this study shows is possible (i.e., higher online
social capital was associated with higher DLB), and, thus,
to change and reduce addictive behaviors. Conversely, when
online social capital is low, encouraging the development
and maintenance of social connections and enhancing social
support could contribute to improve well-being and address
addictive behavioral patterns.

On the whole, these implications basically revolve
around the need to support people in building deep and
meaningful relationships that can satisty their social needs
(e.g., relatedness, belonging, interaction, and communica-
tion), focusing on the unique contribution of social capital
to well-being, avoiding overreliance on digital platforms,
and promoting their use in a functional and balanced way.
In this sense, interventions could also consider group set-
tings to share and start building offline social capital,
leveraging social support as a central factor, as also indicated
by the readiness to change [90] and the transtheoretical
model of change [91], which was really born in the context
of addiction. In this context, some studies have shown the
efficacy of interventions in group settings for technological
addiction [92, 93], but evidence is still lacking for the evalu-
ation of virtual-based group therapies. The results of the
present study may be insightful and applicable for exploring
virtual environments as other additional settings for psycho-
logical interventions for addiction problems, leveraging the
protective role of online social capital, and working on the

maladaptive relationship between people and technology
within the virtual context itself.

These findings may also have implications for the educa-
tional field, suggesting that unfolding these psychological
dynamics related to the satisfaction of people’s needs could
be a way to contribute to raising awareness about functional
uses of social media and technology, especially among the
youngest.

6. Limitations and Future Perspectives

Next to different implications for the research, several limi-
tations have to be acknowledged in this study. Firstly, it must
be considered that although online survey administration
facilitates data collection by promoting the dissemination
of the questionnaire and capturing a greater propensity of
individuals to provide sensitive and honest information
[94], at the same time, it may not take into account the effect
of possible intervening variables (e.g., distraction, connec-
tion problems, or environmental disturbances) on the
completion of the questionnaire itself. Furthermore, the vol-
untary nature of the recruitment may have favored self-
selection bias. The use of self-report measures may have
introduced some bias, both because of the known tendency
of people to give socially acceptable answers and because
of potential poor introspection and self-assessment skills.
Despite our efforts to reduce response bias by encouraging
participants to reflect on their previous participation in the
data collection process, it remains possible that some indi-
viduals may have unknowingly provided multiple responses.
Although we implemented strategies to identify and exclude
duplicated or unreliable entries, the presence of response
bias cannot be entirely ruled out. Future studies could con-
sider incorporating additional measures, such as validation
checks or identification verification, to better mitigate the
potential influence of response bias on the findings.

Moreover, the sample is predominantly young (with a
mean age of 28.33 years), educated (52.60% with a secondary
school degree and 30.40% with a bachelor’s degree), and
composed of cisgender females (75.70%). In addition, the
sample is composed of Italian participants and, therefore,
may not adequately reflect potential cultural differences in
the creation of online social capital and addiction patterns.
The results should, therefore, be interpreted with caution,
as they may not accurately represent the general population,
thereby limiting their generalisability. Another limitation to
be accounted for is the cross-sectional design of the study,
which makes it impossible to identify causal relationships
between the variables of interest. In this sense, the findings
cannot even account for the long-term effects of online
social capital on well-being because they are limited to a spe-
cific period in the participants’ lives, which may not reflect
their behavior over time.

Furthermore, this study used only one instrument to
assess addictive behaviors, which limits the generalizability
of the findings. Incorporating additional instruments, such
as the Generalized Problematic Internet Use Scale 2 [95] or
the Smartphone Addiction Scale [96] for example, may pro-
vide a more comprehensive and robust understanding of the
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impact of online social capital on well-being in maladaptive
behaviors.

In addition, the study cannot rule out the potential influ-
ence of confounding variables that may affect social capital,
well-being, and technology use. These could include person-
ality traits, personal orientation toward individualism or col-
lectivism, offline social capital and support, relationship
quality, preexisting mental health issues (e.g., anxiety,
depressive and symptoms), emotional state at the time of
participation, previous experience with addiction, habitual
coping strategies, specific cultural differences, and digital
literacy.

Future research should address these limitations. For
example, forthcoming studies should use more diverse sam-
ples to increase the generalisability of the findings; for exam-
ple, it would be desirable to take into account age differences,
especially considering the different impacts and use of social
media at different stages of life. Moreover, future studies
could include additional measures to reduce the influence
of response bias on the results as much as possible. In addi-
tion, longitudinal studies could further enhance the under-
standing of these results by identifying causal relationships
between the factors included in the study.

Then, in the near future, psychosocial factors that con-
tribute to DLB should be studied. For instance, analyzing
how people with strong offline social networks and support-
ive relationships manage their social needs both online and
offline [97] could help to better understand these dynamics.
In this direction, even the role of the need for control and
power could be further examined. Additionally, future lines
of research should explore in greater depth factors such as
boredom [13] and susceptibility to it, loneliness [21, 98],
alexithymia [99-101], and obsessiveness [102], as these
aspects may influence the likelihood of developing dysfunc-
tional or addictive behaviors related to Internet use. Self-
regulation ability could be another important area of research
[103], as it may contribute to different DLB levels. In addi-
tion, potential confounding variables not accounted for in
this study could be explored, such as the impact of personal-
ity traits, specific coping mechanisms, level of digital literacy,
and the influence of possible co-occurring psychological
symptomatology of distress. In addition, future studies could
focus on the interplay between individual characteristics and
contextual factors while exploring technological addictions
and DLB, for example, taking into account a cultural perspec-
tive. In this direction, future research could investigate
whether the peculiar patterns that emerged in the present
study could be replicated in different cultures and social con-
texts. In fact, as highlighted by Sun & Zhang [86], the envi-
ronmental life context, culturally and politically intended,
could contribute to shaping addictions in different ways.
Highly stressful contexts without opportunities for open
sociality could encourage the use of social media as a refuge
[104], potentially leading to dysfunctional patterns. Similarly,
dominant individualistic and collectivist perspectives have
also been linked to social media addiction [105, 106]. These
lines of research need to be further investigated in order to
better clear up the role of complex psychosocial processes
in human relationships with and within new technologies.

Human Behavior and Emerging Technologies
Appendix 1

TABLE A1l: Table of measurement instruments.

Diener et al. [65]
(The validated Italian version
of the scale by Di Fabio and
Busoni [66] was used in this
study.)

Diener et al. [67]

1. Satisfaction With Life (SWL)
Scale

2. Flourishing Scale

3. Warwick-Edinburgh Mental
Well-Being Scale (WEMWBS)

4. Digital Life Balance (DLB) Scale

5. Social Media Capital (SMC)
Scale

6. Bergen Social Media Addiction
Scale (BSMAS)

Tennant et al. [69]
Duradoni et al. [19]

Duradoni et al. [71]

Andreassen et al. [72]

Appendix 2

TABLE A2: Complete ANOVA post hoc pairwise comparison
analysis.

Variable 1vs.2 1vs.3 1vs.4 2vs.3 2vs.4 3vs. 4
SWL -0.01 1.86 3.95** 1.87*  3.95*** 2.09*

Flourishing —0.23 236  5.82*** 259*F 6.05""" 346"
WEMWBS -1.49 0.87 3.67*F 236" 517" 2.82**
DLB —1.42 5.39**" 8.19*** 6.81""* 9.61"** 2.80*"

Note: 1 = tech-balanced networkers (LA-HS); 2 = tech-balanced loners (LA-LS);
3 = tech-addicted networkers (HA-HS); 4 = tech-addicted loners (HA-LS).

*p <0.05.

**p<0.01.

***p <0.001.
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