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Abstract We introduce a mathematical model for the composting process in
biocells where several chemical phenomena, like the aerobic biodegradation, the
hydrolysis of insoluble substrate and the biomass decay, occur. We investigate
the best aeration strategies in presence of inhibition processes due to high con-
centrations of oxygen. Optimal stategries are obtained as result of a suitable
optimal control problem. The dynamics exhibits an enhanced level of the oxygen
concentration that guarantees the aerobic feature of the biodegradation process.
Then, a nonlinear bioeconomic term is included in the objective functional to take
into account of the external operational cost. The role of the economic cost in the
control policy is analyzed and discussed.

Keywords Waste - Composting - Bioreactor - Inhibition - Bioeconomic cost -
Optimal control

1 Introduction

Waste management is an important challenge, especially for local authorities [32],
since the traditional stockage is not an efficient technique at long term [17]. In fact,
in a containment vessel the risk of soil and aquifers contamination is high due to the
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formation of leachate. In addition, new stocakage sites are often required in order to
face the increasing amount of waste [5].

In order to overcome such critical issues a different approach has been proposed
by conceiving the vessel as a bioreactor. From this perspective, the containment site
can be seen as a biologically active environment where the stocked matter can be
degraded by suitable natural processes [27], possibly improved by means of external
operation like mechanical aeration [11, 13].

A significant fraction of solid waste is given by the organic matter, i.e. a mixture
of green, food, agricultural waste, biodegradable matter. Such portion can be used to
produce both an agricultural fertilizer and biogas (similar to methane but with low
calorific value). As a consequence, a consistent reduction of the total amount and an
increasing capacity of landfills follow [30].

The degradation process is a natural and spontaneous phenomenon but it can
be improved by external operations, like aeration or leachate recicrculation [4, 11,
13, 19, 33]. The degradation takes place by means of a bacterial population, that
uses the waste as a nutrient, and it can occur both in absence or in presence of
oxygen, respectively in anaerobic and aerobic processes [9, 10]. Anaerobic digestion
is usually involved in the biogas production and in the leachate treatment [14, 18]
while the aerobic one is more useful in composting techniques, like aerated static
pile, in-vessel or windrow composting [17].

The benefits of both approaches can be combined in the so-called integrated
systems where the organic matter is conceived as a source of energy for biogas
production, and as raw material for the high quality composting [22]. The waste
is pressed and mashed and the liquid part is separated by the solid one. The first
is treated by an anaerobic process in a biodigester by producing burnable biogas.
The second is used mainly to produce a high quality compost. The product of this
process is not still usable as fertilizer and it has to undergo an additional maturation
phase out of the bioreactor [17].

In this paper, we focus our attention to the aerobic phase involved in biocell
composting; this means that aerobic biodegradation occurs in a closed system where
additional oxygen can be injected by external operation.

Inspired by the investigation in [20], a new mathematical model has been
proposed in [24] to describe the digestion process in biocell. Such description tries
to ensure the aerobic feature of the digestion phenomenon.

As well described in [1], an aerobic bacterial population requires a sufficient level
of oxygen for its survival; if the oxygen concentration in the system atmosphere
goes under a given threshold part of the process can become anaerobic. The
optimal control proposed in [24] shows an aeration strategy to maintain the oxygen
concentration level close to an optimal operational value, identified as the value
corresponding to the fastest degradation of the organic matter.

In this paper we are interested in including other distinctive features.

In particular, first we would like to model and discuss possible inhibition effects
due to high oxygen concentration values. As indicated in [1], a high oxygen fraction
in the cell atmosphere can overdry the organic matter, so that a necessary level of
moisture cannot be maintained in the entire evolution and the aerobic degradation
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is not guaranteed. Such effects can be introduced in the model by a suitable
modification of the biodegradation term in the evolution equations governing the
biological system. More precisely, the dependence of the degradation rate on the
oxygen variable has to be modified in order to have small contributions for high
oxygen concentration.

A second characteristic feature to be taken into account is the economic
cost related to the artifical aeration. Such operation corresponds to an economic
contribution in term of technology, electricity or working hours and its cost has a
crucial role in the decision policy, since any intervention requires to be cost effective
[2].

The paper is organized as follows: after a presentation of the mathematical
description of the aerobic process in Sect.2 and of the optimal control problem
in Sect. 3, we will introduce the inhibition effect due to excessive aeration in Sect. 4
and present a comparison with the results obtained in [24] in Sect. 5. In Sect. 6 we
will introduce the bioeconomic cost due to artificial aeration and discuss the control
strategy for varying weigth of the cost in decision policy in Sect. 7.

2 The Aerobic Biodegradation Model

We indicate by S the soluble substrate, i.e. the waste fraction ready to be degraded,
by I the insoluble one, that is not yet available for the digestion process and has to
be decomposed, by X the biomass, by L the liquid part and by M the inert mass, i.e
the pre-compost.

The time evolution of these variables is driven by three different chemical
phenomena; more precisely, (1) the aerobic biodegradation of the soluble substrate
in presence of the oxygen £2, where the biomass concentration increases and water
and inert mass are produced, (2) the hydrolysis, where the insoluble substrate is
decomposed giving the soluble one, (3) the biomass decay, that converts part of the
biomass in pre-compost and insoluble substrate.

Such phenomena are mathematically described by the following system of non-
linear ordinary differential equations

. 1
S=—_ 5592 X + Knl
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where the upper dot denotes the derivative with respect to the time variable 7, g is
the biomass growth function describing the soluble substrate degradation, K;, and
b are respectively the hydrolitic and biomass decay constant and Y, Y; and Y}, are
the yield coefficients. All the parameters are given positive constants.

The time variation of the oxygen is given by

. 1
2 =—_ §(5.92)X.
Yo

We can notice that the inert mass variation is obtained by imposing the conservation
of the total (solid+liquid) mass

M=—-(S+I+X+L).

Le} us denotg by A the total mass, M=S+1+X+L+ M; It follows that
M) = #0) =SO0)+10)+X0)+ L @O+ M(©O) = #pforallt > 0.
The system can be rewritten by introducing the non-dimensional variables

~ s . 1 X L M 2

where £2¢ is the optimal operational value of the oxygen concentration for the
biodigestion process. As indicated in [38] the aerobic process occurs in presence of a
suitable oxygen level. The aerobic biomass can survive in presence of as little as 5%
oxygen concentration in the system atmosphere but if the oxygen level goes under
10% part of the biodegradation can become anaerobic. Moreover an oxygen level
around 10% guarantees a fast degradation of the organic matter. It follows that such
level can be considered an optimal operational value for the oxygen concentration.
The non-dimensional differential equations have the following form

1
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where now the upper dots denote the derivative with respect to the non-dimensional
variable 7, g is the non-dimensional version of the bacterial growth function g, ¢,
and B are respectively the non-dimensional hydrolitic and decay coefficients, y =
To/ (Y2 $20),

0<s,i,x,,m <1,

o > 0 and its optimal operational value is equal to 1.

From Eq. (2) immediately follows that @ decreases and the oxygen will be, at
least partially, consumed. In order to ensure the survival of the composting process
for a long time, it is necessary to inject additional oxygen in the system by an
external operation, like mechanical aeration, since a sufficient level of oxygen can
not be guaranteed.

3 Optimal Aeration Control Problem

The aeration operation can be modeled by introducing the control function u = u (¢)
that describes the addition of oxygen in the cell atmosphere. The model (1) and (2)
is modified by substituting Eq. (2) by

w=-ygGwx+ul), 3

where 0 < u(f) < umax V¢ > 0. The positive value umax is an upper bound for
the control variable u corresponding to the maximal value of oxygen that can be
introduced in the biological system.

We assume that the optimal time profile is in the admissible control set

U = {u Lebesgue measurable on (0, f) |0 < u(?) < umax, ¥Vt > 0}

and the objective functional is given by
Jw) = —m(y) + (o (tr) — 1 f (w () — 1)*dt 4)

where [O, t f] is the time range, m () is the inert mass final concentration and the
other terms express the deviation of the oxygen level from the operational optimal
one at the final time ¢ ¢ (first term) and in the time range (0 t f) (integral part).

The aim is to determine the state (s*, i*, x*, £*, m*, w*) associated to an admis-
sible control u* € % satystying (1)- (3) and minimizing the objective functional
4),1ie.

J(u*) = '%} J ) . 3)
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To determine a solution of the optimal control problem we consider the Pontryagin’s
principle [12, 29] that converts the problem (5) into the problem of minimizing the
following Hamiltonian function

H X, u, A1) = (0()—1)?

( ) )"S 2 )\Z 1 1 1 A 5
—gs,w)x — - + - + +
§ Yy v Yys v, )" Vio

A 1
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Y; Y;

where X = (s,i,x, €, m,w) and A = (Ag, Ai, Ay, Ao, A, Ay) are, respectively, the
sets of state and adjoint variables.

The adjoint variables solve a system of six ordinary differential equations which
can be described in vectorial form by

with final condition
A (tf) = (0,0,0,0,0,2 (a) (tf) _ 1))T
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We can give a characterization of the control when the Hamiltonian is linear in the
control variable u. For such reason we recall some definitions.
The optimal control u* is called a singular control on [t, t_] if

0.7

(X*, u*, A, t) =0,
ou
forevery t € [t, t_] and the corresponding solution (X*, #*) is called singular arc.

If u™* is a singular control, the problem order is the smallest number ¢* such that
the 2¢g-th derivative

d* 37

X* u* A, t),
dr®d du ( )
explicitly contains the control variable u (if no derivative satisfies this condition then
g = 00).
In our case, the switching function is given as

0
o(t) = = lo
ou

and we can give the following characterization to the control function

0 >
u(t) = | singular if ‘o | =10. (6)
Umax <

It is also easy to show that

d* an 20 (1) + 2yg (5. )
= —2u S, W)X
dr? ou Ve
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& o _
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and hence our problem is of order 1.
Possible singular arcs may exist since they cannot be ruled out by the generalized
Legendre-Clebsch condition for linear problem of order 1

9 d? o

9 di2 du (X*, u*, A, t) >0 )

that will be checked numerically in Sect. 5.
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4 Modeling Oxygen Uptake

Let us discuss some possible choices of the bacterial growth function g = g (s, ) =
81 (s) g2 (w).

The dependence on the soluble substrate variable s has to be modeled to catch
two main features: first, there is not any biomass growth in absence of substrate,
since it is the nutrient for the bacterial population; second, a limiting value can be
reached corresponding to a maximal rate. Mathematically, this means that

g1(0) =0, g1 () < gmax Vs = 0.

These conditions are satisfied by a Monod function [25]

g = ®)

where c; is the half-saturation constant.

We can notice that the maximal value is reached for high substrate concentrations
(s > 1.

As concerns the dependence on the oxygen variable, we remind that we are
interested in modeling a degradation process in presence of a suitable level of
oxygen. In particular, we have stressed that a low concentration of oxygen in the
cell atmosphere can not guarantee the aerobic process. This feature has to be taken
into account in the formulation of the aerobic biomass growth function.

A possible formulation is given again by a Monod-type function

w
& (w) = 9)

W+ ¢y

where ¢, is the half-saturation constant.

As said above, the Monod function reaches the maximal value for high con-
centration of the oxygen variable when @ — oo. This means that the substrate
consumption occurs more rapidly if the oxygen level is sufficiently high.

This formulation does not take into account of the optimal operational value
wo = 1 around which a fast degradation occurs (according to [1] an optimal value
of oxygen concentration ranges around 5-15%). Moreover, it is known that high
values of oxygen can overdry the organic matter and the aerobic process can be
compromised, since it requires a minimal value of moisture. Including this feature
requires a different formulation of the oxygen dependence in g. In this case we
look for a function g, such that

20) =0, g@=1) = gmax, &2 (@) <8ifw e R\ (0.5,1.5) (10)

where § is a small given quantity and (0.5, 1.5) corresponds to the optimal
operational range for oxygen concentration.
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— Haldane |

Fig. 1 Trend of the growth function g versus the oxygen concentration @ in Monod (dashed line)
and Haldane (solid line) formulation

Such features can be reproduced by a Haldane-like function [15], usually
proposed to model substrate inhibition [6, 35, 37]. We set

w

&2 (w) = (1r)

co+clw+ cza)2
where cg, c¢1 and ¢, are given constants. We choose as a reference value § = 0.25
and we obtain ¢y = ¢p = 18 and ¢; = —35.

We will compare the effects of inhibition due to a high level of oxygen by
comparing the dynamics in presence of Monod and Haldane growth functions
(illustrated in Fig. 1)

N N w

, g7 (s, 0) = (12)

M (s, 0) = >
s+ Ccptow Cs+8 co+crw+ cow

where ¢y = 1.36¢—5, ¢, = 0.74 (as indicated in [16]), co = ¢c» = 18 and ¢; = —35.

S Numerical Investigation of the Optimal Control Problem

5.1 Optimal Time-Profiles

The optimal control solutions are computed by using a gradient method described
in [3].

The choice of the numerical values of parameters and initial data is inspired
by the paper [16]. In particular, the values for the physical quantities and the
corresponding nondimensional ones are given in Table 1.
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Table 1 Values of the physical parameters and the relative nondimensional ones

Parameter Value Parameter Value
K, 49e—7s"1 Cs 1.36e—5
b 3.8e—5s"1 Co 0.74

Y 0.53 co, €2 18

Y; 1.02 ¢ —-35

YL 1.34 Ch 2.45e—3
Yo 1.12 B 1.9e—1
So 1420 mol/m?> y 3.7¢3

Iy 4750 mol/m> 50 0.07506
Xo 1.5 mol/m? io 0.25108
Lo 12297 mol/m? X0 0.00008
My 450 mol/m?> £ 0.64999
Ty 18918.5 mol/m? mo 0.02379

In order to give a value to the optimal operational one 29 composting guidelines
[1] suggest that the best percentage of oxygen in the cell atmosphere for the
evolution of the aerobic digestion is around 10%.

By reminding that the concentration of wet air is 1220 g/m> and that oxygen
percentage is approximately 21%, the oxygen concentration is around 256.2 g/m?
corresponding to 8 mol/m>. By proportion we can set £2o = 3.81 mol/m°.

As illustrated in Fig. 2 the Haldane-like dependence on the oxygen variable w
shows a slower degradation of the organic matter compared to the Monod case;
in fact, the growth of bacteria, the production of pre-compost and the reduction
of soluble substrate reach a lower value at the final time. We can also notice
an improvement in terms of oxygen level along the entire process; the oxygen
concentration is in the optimal operation range for every time and the aerobic
phenomenon is guaranteed.

As concerns the control variable u, we can observe in Fig. 3 a similar strategy in
aeration for both formulations. Initially, the system does not require any external
operation and an oxygen injection gradually occurs only later till to reach the
maximal value umax = 1. The main differences between the two approaches concern
the first time for injection and its velocity; in fact, when inhibition effects are taken
into account, the injection starts earlier but continues more slowly and reaches the
maximal value later.

As last remark, we point out that the plot (not reported here) of the left hand side
term in (7) is positive where the control does not assume the extremal values 0 and
Umax and consequently a singular arc may exist.
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Control variable

1+
0.8+
0.6
0.4+
0.2r
; -- Monod
0L ‘ ‘ | — Haldane 4
0 5 10 15 20

Fig. 3 Control time profile for Monod (dashed line) and Haldane (solid line) dynamics. The
control upper bound . is set equal to 1

Table 2 Values of the performance indices for Monod and Haldane growth rates

Monod Haldane Index value

I =m(ty) — m(0) Yes No +78kg (+2.863%)
No Yes +54kg (+1.960%)

L =6+ —(s+D0) Yes No —605 kg (—1.612%)
No Yes —442 kg (—1.178%)

I3 =J Yes No 8.651
No Yes 1.820

Iy = maxo<; <y, o) — 1] Yes No 0.817
No Yes 0.348

ty
Is = / u(t)dt Yes No 15.502
0

No Yes 10.925

5.2 Performance Indices

In order to evaluate the plant performance, we introduce some quantitative indices
as follows: (1) the gain of pre-compost with respect to the initial configuration
I = m(ty) — m(0); (2) the consumption of substrate with respect to the initial
configuration I = (s +1)(ts) — (s +1)(0); (3) the value of the objective functional
Iz = J(u); (4) the maximal distance of the oxygen variable from the optimal
operational value I4 = maxo<;<¢, |w(t) — 1[; (5) the required global effort for
aeration Is = féf u(t)dt.

In the realistic case of a biocell capacity of 115 tonnes [28], the performance
improvements can be computed in terms of kilos of produced precompost and
reduced substrate in a time range of about 28 h. As shown in Table 2, the presence
of inhibition effects due to high concentrations of oxygen implies a lower amount
of produced precompost at the final time and a higher level of (soluble+insoluble)
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substrate compared to the Monod case; we also notice again that the oxygen level
along the process is higher with respect to the case of Monod-like dynamics and
stays in the optimal range around w = 1. It is interesting to observe also that the
objective functional and the required global effort assume lower values, as well as
the relative cost of the operation.

6 The Bioeconomic Model

Up to now, we have considered the effects of the aeration and discussed the best
strategy to improve the biocell performance. The objective functional only depends
on the state variables by including the deviation of the oxygen level from its optimal
operational value (along the entire process and at the final time) and the final amount
of the inert material.

In this section we want to describe the economic cost that an external operation
like aeration requires in terms of technology, energy and working hours. This cost
should be taken into account to give a more realistic description of the problem,
since any control strategy must be cost-effective to be adopted.

For such reason, we introduce a function ¢ = ¢ (u) that describes the economic
cost of the aeration. We expect a non-linear trend of the cost that can be modeled by
a quadratic function

o W) = kiu + kou® (13)

where k1 and k; are some weight constants.

The cost description by means of a quadratic term has been widely proposed in
control problems [8, 23, 26, 31]. As indicated in [34] the square terms are often
introduced to amplify (respectively de-emphasize) the effects of large (respectively
small) variations of the involved variables from a desired value. In our case, the
desired value O corresponds to no intervention. An alternative interpretation consists
in considering the control as the effort to be expended to achieve the target [36]. A
physical significance is finally suggested in [7], and cited afterwards in [21], where
the control function is supposed to be proportional to the voltage or electric current
used in aeration and then the square of the control is proportional to the electrical
power and its integral is proportional to the energy expended in the observation time
interval.

We are interested in minimizing the cost in the time range (0, ¢5), in addition to
the minimization of the deviation of the oxygen variable from its optimal operational
value 1 and the maximization of the final pre-compost amount. Therefore, the
objective functional becomes

Jw) = —m(p) + (o (tf) = 1)°
ty ty (14)
+f (o (1) — 1)2dt+/ kiu(t) + kou(t)>dt
0 0
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and the Hamiltonian function has to be modified as follows

H X, u, A1) = (@) — D+ ku(t) + kou(r)?

(s, ) b A M+1 1+1 Am + VA
—g(s,w)x — Ax — -
§ Ys UYL Yg v.) " Vie

1

A 1
+cni (As — X)) + Bx — A+ (11— A | Fu()ry.
Y; Y;

The optimality condition

07

-0, 15
o (15)

gives a characterization of the control variable in terms of the state and adjoint
variables since the Hamiltonian function is nonlinear in the variable u. In particular,
the characterization below follows

A k
ki +2ku4+ry =0 & u = — “’21— " (16)
2

when a singular arc exists. We can notice that such characterization does not depend
on the growth function explicitly.

7 Numerical Investigations of the Bioeconomic Problem

We are interested in discussing the role of the parameter k1 in the control strategy
and hence we focus our attention to the case of weak non-linearity (ko = 1073%).

As said above, we analyze how sensitive the control strategy is with respect to the
varying parameter kp; in particular we consider k; = 10", n = -3, =2,...,2,3.

The aerobic process is described by means of a Haldane growth function in the
dependence on the oxygen concentration.

When the bioeconomic cost has a low weigth in the objective functional, we
can observe in Fig.4 that the control strategy mainly depends on the control of
the oxygen level and on the maximization of the final product. In this case the
performance is very good by exhibiting a low amount of the soluble and insoluble
substrate and a high level of product. Moreover the oxygen concentration assumes
values close to the optimal operational one and stays in the range that guarantees
the survival of the aerobic process. When the cost has a crucial role, unlike the
previous case, the performance shows that the global substrate is less degraded and
the oxygen concentration tends to settle on lower levels and out of the survival range
for the aerobic process.
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Control variable

Fig. 5 Control time profile for Monod (dashed line) and Haldane (solid line) dynamics. The
control upper bound up,y is set equal to 1

As concerns the control variable, it is interesting to notice in Fig.5 that a high
weight of the bioeconomic cost in the objective functional implies that no external
operation (or a negligible one) is operated. Any external action is not cost-effective
and it would give a high value of the objective functional. On the contrary, when the
bioeconomic cost has not a strong role in the decision policy, additional oxygen is
injected in order to maintain its concentration at satisfactory levels.

We present some indices to give a quantification of the plant performance; in
particular we introduce the following ones: (1) J1 = m(¢y) which gives the amount

of the produced pre-compost at the final time 7 ¢; (2) J» = f(;f (o (t) — 1)* dt which
computes the deviation of the oxygen concentration from the optimal operational
value along the process; (3) the value of the objective functional which is denoted
by Js.

We indicate by Jf’ the value of J;, i = 1,2, 3, corresponding to k; = 10" and
consider the quantity 8 = (J! —J7*) /7% i = 1,2.3,n = =7,-6,....2.3,
which gives the relative difference between the indeces.

We can observe that Fig. 6 and Table 3 individuate three different ranges for the
parameter k1: more precisely .#] = (—o0, k), % = k1, 121] and /3 = (121, +00)
where 121 ~ 1072 and 121 ~ 10.

In .7 the bioeconomic contribution in the objective functional has a very limited
role and the choice of the control variable mainly has to maximize the final
product and minimize the deviation of the oxygen concentration from its optimal
operational value. In this range, if one considers two values of the parameter,
—00 < ki << k{” < ki, significant differences in the parameter value do not
influence substantially the performance, i.e. Ji(k{") ~ J 1(k{” ), 2(k1) ~ 2 (k{” )
and J3(k7") ~ J3(k{").

Analogously in .#3, where the control strategy is chosen mainly to minimize the
bioeconomic cost, different values of the parameter do not imply significant changes
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Table 3 Values of the performance indices and their difference with respect to the refence case
(ki =107%)

Ji i 93 8 3 8
n=-7 0.02426 Negligible 1.72293 Negligible 1.81950 Negligible
n=-—6 0.02426 Negligible 1.72293 Negligible 1.81950 Negligible
n=-5 0.02426 Negligible 1.72294 Negligible 1.81961 +0.006%

n=—4 0.02426 —0.002% 1.72300 +0.004% 1.82059 +0.060%
n=-3 0.02425 —0.017% 1.72363 +0.040% 1.83037 +0.598%
n=-2 0.02422 —0.169% 1.73459 +0.676% 1.92387 +5.736%
n=-—1 0.02400 —1.048% 2.03183 +17.928% 2.54502 +39.875%
n=0 0.02385 —1.658% 3.13705 +82.076% 4.36778 +140.05%
n=1 0.02382 —1.789% 6.27330 +264.11% 7.49204 +311.76%
n=2 0.02382 —1.795% 7.15799 +315.45% 7.60291 +317.86%
n=3 0.02382 —1.795% 7.15799 +315.45% 7.60291 +317.86%
Table 4 Amount of the m, (tf) —mp(0)  my, (tf) —mg (tf)

pre-compost for varying

parameter k in the realistic (in Kg) (in Kg)

case of composting in biocell n=-8 +193 -
n=-=7 4193 Negligible
n=-6 +193 Negligible
n=-5 +193 Negligible
n=-4 +193 Negligible
n=-3 +192 -1
n=-2 +188 -5
n=-1 +164 —-29
n=20 +147 —46
n=1 +143 —-50
n=2  +143 ~50
n=3  +143 ~50

The biocell capacity is around 115 tonnes and the
observation period is around 28 h

in the indices, i.e. J1(K"") ~ Ji(kM), (k) ~ Jo(kM) and J3(k7") ~ J3(kM)
where 121 < k' << k{” < +o00.

Therefore the most interesting case is when k; ranges into the interval .%.
In fact, this produces remarkable differences in the composting plant evolution
corresponding to different choices of the parameter (see Fig.6 and Table 3). In
particular, the system results less performing for increasing values of k; in %, by
showing a significant loss of pre-compost at the final time for higher values of the
parameter k.

In Table 4 such loss is quantified in kilos by starting from a realistic case of
composting in biocell; each biocell has a capacity of 110 tonnes and we consider an
observation period of around 28 h. In the best case around 193 kg of pre-compost



Inhibition Processes in Composting Plants 143

are produced in the observation period; such amount reduces to 143 kg (—26%) in
the less performing case.

8 Concluding Remarks

The mathematical modeling of aerobic degradation of the organic matter is a topical
issue in waste management and it is far to be deeply explored.

We have proposed a mathematical description for composting in biocells to
investigate (1) the optimal aeration strategies to ensure a sufficient level of oxygen
in the cell atmosphere and therefore the aerobic nature of the digestion process, (2)
possible inhibition effects for over aerated systems.

In particular an optimal control problem has been proposed and analyzed to
individuate the best aeration strategy that minimizes the distance of the oxygen
concentration level from its optimal operational value and the maximization of the
precompost amount at the final time of our observation.

We have compared the results in absence and presence of inhibition and we
have observed that more satisfactory levels of oxygen have been reached when
the inhibition is included in the model. Moreover, in this case the different control
strategy requires a overall aeration effort.

In the second part of the work we have considered the economic cost of the
aeration operation in order to give a more realistic description of the problem.
We have included the minimization of a non-linear quadratic cost in the objective
functional and we have observed that different aeration strategies can occur
depending on the weigth of the economic term in the control policy. In particular
there is a negligible injection of additional oxygen in the biocell as soon as the
aeration has a significant cost while the best performance is obtained when the cost
has not a crucial role in the control strategy.

Other optimal control problems for aerobic processes can be formulated. In
particular it could be interesting to find the best strategy to minimize the time to
reach a fixed target on the variable states, like the reduction of the global substrate
below a given threshold value.

Let us observe that we focused on the composting phase in the integrated system
but it would be important to investigate also the anaerobic process for the biogas
production as well as the treatment of the wastewater sludge. This will be the subject
of future investigations.

Acknowledgements This work was performed in the framework of INDJAM-INGYV joint project
Strategic Initiatives for the Environment and Security (SIES) supported by MIUR (Progetto
Premiale FOE2014). G. Martalo is a post-doc fellow supported by the National Institute of
Advanced Mathematics (INdAM). This research has been presented at the workshop Dynamical
Systems Applied to Biology and Natural Sciences. B. Buonomo is grateful to the chairman Ezio
Venturino and the whole organizing committee of the workshop for the kind invitation and
hospitality.



144 G. Martald et al.
References
1. Abruzzo, R.: Linee guida per il compostaggio domestico dei rifiuti organici (in Italian). http://

2.

3.

10.

11

12.

13.

14.

15.
16.

17.

18.

19.

20.

21.

22.

www.regione.abruzzo.it/x Ambiente/index.asp. Accessed March 2018

Amand, L., Olsson, G., Carlsson, B.: Aeration control-a review. Water Sci. Technol. 67(11),
2374-2398 (2013)

Anita, S., Capasso, V., Arnautu, V.: An Introduction to Optimal Control Problems in Life Sci-
ences and Economics: From Mathematical Models to Numerical Simulation with MATLAB.
Springer, Berlin (2011)

. Benbelkacem, H., Bayard, R., Abdelhay, A., Zhang, Y., Gourdon, R.: Effect of leachate

injection modes on municipal solid waste degradation in anaerobic bioreactor. Bioresour.
Technol. 101(14), 5206-5212 (2010)

. Bozkurt, S., Moreno, L., Neretnieks, I.: Long-term processes in waste deposits. Sci. Total

Environ. 250(1), 101-121 (2000)

. Carrera, J., Jubany, 1., Carvallo, L., Chamy, R., Lafuente, J.: Kinetic models for nitrification

inhibition by ammonium and nitrite in a suspended and an immobilised biomass systems.
Process Biochem. 39(9), 1159-1165 (2004)

. Davidson, B., Bradshaw, R.W.: A steady state optimal design of artificial induced aeration

in polluted streams by the use of Pontryagin’s minimum principle. Water Resour. Res. 6(2),
383-397 (1970)

. Ding, W., Xie, L., Wu, Z.: PWM digital control of aeration in wastewater treatment process.

In: 25th Chinese Control and Decision Conference (CCDC), pp. 6468 (2013)

. Erses, A.S., Onay, T.T., Yenigun, O.: Comparison of aerobic and anaerobic degradation of

municipal solid waste in bioreactor landfills. Bioresour. Technol. 99(13), 5418-5426 (2008)
Fricke, K., Santen, H., Wallmann, R.: Comparison of selected aerobic and anaerobic proce-
dures for MSW treatment. Waste Manag. 25(8), 799-810 (2005)

. Gao, M, Li, B., Yu, A, Liang, F, Yang, L., Sun, Y.: The effect of aeration rate on forced-

aeration composting of chicken manure and sawdust. Bioresour. Technol. 101(6), 1899-1903
(2010)

Grass, D., Caulkins, J.P., Feichtinger, G., Tragler, G., Behrens, D.: Optimal Control of
Nonlinear Processes. Springer, Berlin, 2008

Guo, R., Li, G., Jiang, T., Schuchardt, F., Chen, T., Zhao, Y., Shen, Y.: Effect of aeration rate,
C/N ratio and moisture content on the stability and maturity of compost. Bioresour. Technol.
112, 171-178 (2012)

Gunaseelan, V.N.: Anaerobic digestion of biomass for methane production: a review. Biomass
Bioenergy 13(1-2), 83-114 (1997)

Haldane, J.B.: Enzymes. Longmann and Green, London (1930)

Hamelers, H.V.M.: A mathematical model for composting kinetics (2001). http://library.wur.
nl/WebQuery/wurpubs/fulltext/193815. Accessed March 2018

Haug, R.T.: The Practical Handbook of Compost Engineering. Lewis Publishers, Boca Raton
(1993)

Lema, J.M., Mendez, R., Blazquez, R.: Characteristics of landfill leachates and alternatives for
their treatment: a review. Water Air Soil Pollut. 40(3—4), 223-250 (1988)

Liang, C., Das, K.C., McClendon, R.W.: The influence of temperature and moisture contents
regimes on the aerobic microbial activity of a biosolids composting blend. Bioresour. Technol.
86(2), 131-137 (2003)

Lin, Y.P., Huang, G.H., Lu, H.W., He, L.: Modeling of substrate degradation and oxygen
consumption in waste composting processes. Waste Manage. 28(8), 1375-1385 (2008)

Liu, X., Jing, Y., Olsson, G., Yuan, Z.: Finding the optimal aeration profiles and DO profiles in
a plug-flow biological wastewater treatment reactor with a theoretical approach. IIFAC Proc.
Vol. 47(3), 2715-2720 (2014)

Mainero, D.: Integrated anaerobic—aerobic systems for solid waste treatment. Rev. Environ.
Sci. Biotechnol. 11(4), 343-352 (2012)


http://www.regione.abruzzo.it/xAmbiente/index.asp
http://www.regione.abruzzo.it/xAmbiente/index.asp
http://library.wur.nl/WebQuery/wurpubs/fulltext/193815
http://library.wur.nl/WebQuery/wurpubs/fulltext/193815

Inhibition Processes in Composting Plants 145

23.
24.

25.
26.

27.
28.
29.

30.
. Revollar, S., Vega, P., Vilanova, R., Francisco, M.: Optimal control of wastewater treatment

31

32.

33.

34.

35.

36.

37.

38.

Marsili-Libelli, S.: Optimal aeration control for wastewater treatment. In: Computer Aided
Design of Control Systems, pp. 511-516. Pergamon Press, Oxford (1980)

Martalo, G., Bianchi, C., Buonomo, B., Chiappini, M., Vespri, V.: Mathematical modeling of
oxygen control in biocell composting plants (submitted)

Monod, J.: The growth of bacterial cultures. Annu. Rev. Microbiol. 3(1), 371-394 (1949)
Nygren, J.: Output feedback control: some methods and applications. Doctoral Dissertation,
Uppsala Universitet (2014)

Pacey, J., Augenstein, D., Morck, R., Reinhart, D., Yazdani, R.: The bioreactor landfill-an
innovation in solid waste management, MSW Manage. 1, 53-60 (1999)

Plata, A.: Il trattamento integrato anaerobico/aerobico e recupero energetico: la realta
dell’impianto di compostaggio di Salerno (Master degree thesis, in italian). http://www.iat.
unina.it/pdf/tesi/abstract_Anna_Plata.pdf. Accessed March 2018

Pontryagin, L.S.: Mathematical Theory of Optimal Processes. CRC Press, Boca Raton (1987)
Polprasert, C.: Organic Waste Recycling. Wiley, London (1989)

plants using economic-oriented model predictive dynamic strategies. Appl. Sci. 7(8), 813
(2017)

Servizi Pubblici Locali (in Italian). http://www.spl.invitalia.it/site/spl/home/osservatorio-spl/
monitor-ato/gestione-rifiuti-urbani.html. Accessed March 2018

Sponza, D.T., Agdag, O.N.: Impact of leachate recirculation and recirculation volume on
stabilization of municipal solid wastes in simulated anaerobic bioreactors. Process Biochem.
39(12), 2157-2165 (2004)

Stengel, R.F., Ghigliazza, R., Kulkarni, N., Laplace, O.: Optimal control of innate immune
response. Optimal Control Appl. Methods 23(2), 91-104 (2002)

Tan, Y., Wang, Z.X., Marshall, K.C.: Modeling substrate inhibition of microbial growth.
Biotechnol. Bioeng. 52(2), 602-608 (1996)

Tarassov, V.J., Perlis, H.J., Davidson, B.: Optimization of a class of river aeration problems by
the use of multivariable distributed parameter control theory. Water Resour. Res. 5(3), 563-573
(1969)

Tazdait, D., Abdi, N., Grib, H., Lounici, H., Pauss, A., Mameri, N.: Comparison of different
models of substrate inhibition in aerobic batch biodegradation of malathion. Turk. J. Eng.
Environ. Sci. 37(3), 221-230 (2014)

Wang, L.K., Pereira, N.C., Hung, Y.T.: Handbook of Environmental Engineering. Humana
Press, NJ (2005)


http://www.iat.unina.it/pdf/tesi/abstract_Anna_Plata.pdf
http://www.iat.unina.it/pdf/tesi/abstract_Anna_Plata.pdf
http://www.spl.invitalia.it/site/spl/home/osservatorio-spl/monitor-ato/gestione-rifiuti-urbani.html
http://www.spl.invitalia.it/site/spl/home/osservatorio-spl/monitor-ato/gestione-rifiuti-urbani.html

	On the Role of Inhibition Processes in Modeling Control Strategies for Composting Plants
	1 Introduction
	2 The Aerobic Biodegradation Model
	3 Optimal Aeration Control Problem
	4 Modeling Oxygen Uptake
	5 Numerical Investigation of the Optimal Control Problem
	5.1 Optimal Time-Profiles
	5.2 Performance Indices

	6 The Bioeconomic Model
	7 Numerical Investigations of the Bioeconomic Problem
	8 Concluding Remarks
	References


